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Fig.1 Wavelet neural network topology
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Tab.1 Comparison of the prediction results about the number of national fire disaster
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Application and research on particle swarm optimizing wavelet neur al
network in the prediction of fire

REN Fupeng®, GAO Panxiang®

(2. Xi'an Xincheng District Public Security Fire Brigade, Xi'an 710003, Ching;
2. China Aerospace Construction Group Co.,Ltd.,Beijing 100071,China)

Abstract: In connection with the highly nonlinear and uncertainty of fire prediction of the city building, particle swarm optimization
(PSO) is used to optimize the wavelet neural network (WNN) , so as to establish the fire accident time series prediction model. The
improved model is applied in the experimental simulation training and forecasting of the number that the fire broke out of a city
building. The simulation application results show that the network output and expected values are in good agreement, and the
convergence speed and generalization ability is much improved. So the model can be used to analyze and forecast the fire and thus
provide a scientific basis and decision-making guidance for fire police, investment in facilities and the city's comprehensive disaster
prevention and mitigation of fire safety management department.
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